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Abstract

Artiﬁcial between relationship interactive the investigate to is study this of purpose The
and web the of development increasing the With .web semantic the and intelligence
dissemination has information of expanse and Speed the ,technologies various its
easily not is that information of volume huge a with faced are we today and continued
comprehensibility the increase to opportunity an provides Web Semantic .manageable
.search information optimize and management data reduce to trying by machine the of
population statistical The .tools comparative using study review a is study present The
all related texts with artificial intelligence and of consisted study present the of
semantic web Interactive field which searched with the Persian and English keywords
(separately): “Artificial intelligence” and “Semantic web” ; “Machine learning” and
“Semantic web” as well as “Semantic web” and ‘“Deep learning”. A search was made
.on valid related subject databases

The findings showed that major research in the field of semantic web has become
more intense and accurate since 2016 and the main focus of this research is jointly

on the components of ontology in terms of semantic web , neural networks and

deep learning and in the field of machine learning in terms of artificial intelligence
and development of perception algorithms machine analysis.A review of various
researches and texts showed that recent studies in the field of semantic web focus

on multimedia retrieval. For both text and multimedia, analysis and diagnostics are
the key to improving evaluation results. Finally, the effort is made that the machine
through artificial intelligence, while being able to understand the received information
and process it, combine and create new information to improve the quality of human
life. The Semantic Web operates not only on the meaning of a word, but also on terms
, its various usage and the relationship between terms, and seeks to improve machine
.comprehension , composition and provide new information
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